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[ Abstract |
contradiction between supply and demand of flight schedule, and reduce flight delay. For the evaluation of flight schedule, firstly,

Accurate evaluation of flight schedule is helpful to formulate the optimization strategy of flight schedule, alleviate the

based on the existing evaluation index set, the taxiing time evaluation index was introduced. Secondly, the classification algorithm was
used to predict and calculate the evaluation index. Thirdly, an evaluation method of flight schedule based on technique for order prefer-
ence by similarity to an ideal solution-grey correlation was proposed. Finally, taking Beijing Capital International Airport as an exam-
ple, a comparative analysis with the existing evaluation method was done. The results show that the introduction of taxiing time evalua-
tion index can improve the ability of grey correlation approximation ideal solution ranking method to distinguish the advantages and dis-
advantages of flight schedule. The grey correlation approximation ideal solution ranking method can avoid the problem that the existing
Pareto surface based methods can not effectively evaluate the flight schedule when there are few samples, and has stronger universality.
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