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[ Abstract ]

ger. By combining the land types around the bus station and the passenger space-time transfer sequence, the model extracted a com-

Based on the bus IC card data, a Hidden Markov model was constructed to identify the traveling purpose of the passen-

plete bus traveling chain for passengers. The model was implemented by using Shijiazhuang’s bus IC card data for a working day and
compared it with the bus passenger travel survey data of the same date. The results show that the model is consistent with the actual
survey results. The bus passenger traveling chain is dominated by commuting travel chains, with a total proportion of 81.87% , and

commuting activities have a strong timeliness. The proposed model provides a certain basis for in-depth research on public transit 1C

card data.
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Fig. 1 The mechanics of determining states and

observations behind a CHMM
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Table 1 Data description for the study
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Table 2 Classification results of observable states

B A i ISR
fis ] B ST B Y C S /N 1] i
(i) EEX AKX FRKX FRX R4

KA1 7.18(0:48) 0.681 0.003 0.192 0.042 0.081 0.001
WRA&E2 9:27(1:23)  0.156 0.471 0.131 0.094 0.105 0.043
WRAE3 12:06(0:43) 0.001 0.699 0.016 0.201 0.065 0.018
RA&E4 13:43(0:39) 0.577 0.129 0.144 0.082 0.059 0.009
BRAES5 17:52(1:17) 0.087 0.681 0.026 0.183 0.021 0.002
RAEZE6 19:41(1:34) 0.135 0.624 0.043 0.187 0.004 0.007

x3 AIMMRESHITERXEER
Table 3 Correspondence between observable status and
travel purpose

R W A WY IR HAth
RAET 0.702 0. 062 0.297 0 0.228
hA&2 0287 0.595 0.621 0 0.163
wh&E3 0 0.151 0. 001 0.385  0.187
®h&4 0 0.192 0.016 0 0.241
RAS 0.009 0 0.033 0.422  0.129
RA6 0002 0 0. 032 0.193  0.052
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Table 4 Comparison of model recognition results with

survey results

A i B
TR 25 JEA LR
i 0. 439 0.391
AN IR A 0.116 0. 082
[5E7] 0. 023 0. 049
mPd 0.387 0.411
HAl 0. 035 0. 067
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