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[ Abstract |

od based on data mining technology was proposed to predict the defects of centralized monitoring equipment. Which predicts relevant

In order to improve the traditional method to analyze the typical defect analysis results of monitoring equipment, a meth-

monitoring data of the centralized monitoring equipment with the results are compared with the similarity of monitoring data during the
historical typical defect occurrence period to predict the typical defects of the centralized monitoring equipment in a form of quantitative
indicators. The experimental results show that the proposed method can be used to predict the typical oil temperature anomalies with a
calculated similarity index forms a peak while the similarity index is lower when the defect does not occur, which proves that the method
with a high overall application can be used to reflect the possibility of defects.
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Fig. 1  The process of predicting of typic equipment defect
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Table 1 The transition probability matrix about a
phase of main transformer oil temperature 1
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Fig. 2 The results of similarity calculation in different
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