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Many-objective Evolutionary Algorithm Based on Full Ranking
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[ Abstract] Most of multiobjective evolutionary algorithm adopt Pareto-ranking and their searching ability de-

crease rapidly with the increase of objective number. That is because the proportion of nondominated individuals in

the population is big. For high-dimensional multi-objective optimization problem, it proposes a full ranking method.

The ranking is consistent with Pareto ranking, and the nondominated solution can be compared by the full ranking.

In order to improve the efficiency of optimization algorithm, it designs a chaotic model to periodically initialize pop-

ulation. Finally, the proposed algorithm and a well-known nondominated sorting genetic algorithm ( NSGA2) are

compared using the standard test problems. The experiment results show that the proposed algorithm is better than

NSGA2 algorithm both in convergence accuracy and efficiency of the algorithm.

[ Key words ] multiobjective evolutionary algorithm

chaotic model

high-dimension objective full ranking



