oY H23H] 2009 4E12 A
1671-1819(2009)23-7176-04

B R 5 T R

Science Technology and Engineering

Vol.9 No.23 Dec. 2009
(© 2009 Sci. Tech. Engng.

PCUERY) PrefixSpan 57 E Web £241H 14 bz H

WER BMERF

(K, )M 510632 )

fli % # Xt PrefixSpan B ik f 2, XA 5 K Prefix w5 & 3 dE M E T 7 ik, KD WF G SN Z BUTE R e RN E
WP ENR YR EAE, BN ARV B EENR SRR, AT AT E, TREREN, EKFIREALE
BORFRERSEEARE R REE 5% UL, FER T Web 3248 .

Kot Web #2548  PrefixSpan # 3%
vhlE s TP391. 3,

R A
SCkbraiES B

i Internet [ K & Ji& , 4% F 0 2 B0 o 52
R AR R, 0 e] L W 0 B rh R B A
R L, S Web 2 8RB o g R A L H R4
J& Web 24l i) — 4~ B A 95 J5 0], 1M prefixSpan 7E
H RS20 1 0R G A 2 B BR A2 AR

1 PrefixSpan .{J:

1.1 HEXBEHd
1.1.1 F A %] (Sub-Sequence)
4@%’&?5” 31 = <a1 ,Olz,"',a” > 582 = <ﬁ1 7B2’

B> (n<m) sy sy BOTIFA, S ELAUY A7 |

<), <o <. <j, =m, [H15 « CB, 0, CB,, s,
CB,-
1.1.2  #7%& (Prefix)

B E RIFH s, 5 s, F a3 s AT
BRI HESN, o s, = <y, 0y,
<BiBosu B> (n=m) s, ks BHTER, 2 H.
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eI B REUY HEY , BISHEE b, Z )5 .

1.1.3 3% (Projection)

EITI 51,5, (5, Csy) 81 FRN s X RLFF s,

s Ay > 532 =

2009 46 J1 30 HILH] 7 ARA BAFRERSWH (5006102) BE B
S—AEE A WG AR (1981—) , 55, B mg K%, B PR A,
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S B S5 (support (S) ) S48 7845 5E B 51 %X
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Application of Improved PrefixSpan Algorithm in Web Mining

XIE Qing-sen, YANG Tian-qi
(Jinan University, Guangzhou 510632, P. R. China)

[ Abstract] Taking account of insufficiency of PrefixSpan algorithm, which is widely applied to data mining, The
algorithm by reducing frequency of exchanging is trys to optimize between the memory and the external memory in
the Prefix part, and reducing the size of the projection database by discarding the non — frequent items which crea-
ted in the process of sequence patterns mining. The result of test demonstrates that the operating efficiency is en-
hanced more than 35% . The conclusion comes to shows that the improved algorithm is applicable to the Web Mining.
[ Key words] Web mining PrefixSpan algorithm sequence pattern
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An Optimized Algorithm for Mining Frequent

Itemsets Based on Set and Bit Operation

YANG Ni-ni
( Liaoning Shihua University , Fushun 113001, P. R. China)

[ Abstract] Generating frequent itemsets is a critical step in association rule mining. Through the analysis of
Apriori algorithm, a new algorithm for mining frequent itemsets based on set and bit operation is proposed. In this
algorithm , digital view is used to express the transaction who used each item, and bit operating is used in digital
view to calculate the number of support of each itemset. The problem of repeatedly scanning the database in Apriori
algorithm is solved and operating efficiency is improved in the new algorithm.

[ Key words] data mining association rule frequent itemsets



