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[ Abstract] Aiming at the problems of low recognition rate and low real-time performance of the traditional two-dimensional image

motion recognition algorithm, a three-dimensional real-time human motion recognition method was proposed. Firstly, Kinect was used
to obtain the three-dimensional bone data of human body. Then, the normalization method was used to preprocess the data alignment.
Finally, the recognition algorithm of multi feature fusion was used to recognize and match the standard actions. The experimental results
show that the method runs fast and can effectively eliminate the movement recognition inaccuracy caused by the instability of angle
measurement and the inability of distance measurement to quantitatively describe the movement difference. It can meet the real-time
and robust requirements of 3D motion recognition.
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Fig. 1 Key points of human skeleton
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Fig. 3 Flow chart of 3D action recognition method
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Fig. 4 Examples of experimental recognition actions
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