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The Recommendation Algorithm of Social Network User Behavior Data
Cycle Based on Artificial Intelligence

ZHAO Li-kun', WANG Yu-ke’
(1. Computer Teaching and Research Office, Changchun Medical College, Changchun 130000, China;
2. Computer College, Jilin University, Changchun 130012, China)

[ Abstract] In order to improve the quality of personalized service of social networks and study the significance of data cycle recom-
mendation algorithm, a social network user behavior data cycle recommendation algorithm based on artificial intelligence was proposed.
It aimed to solve the problems of low similarity calculation accuracy, low recall rate and long time consuming of traditional recommenda-
tion algorithm. Firstly, a scoring matrix was established based on user behavior, and Pearson correlation coefficient was used to calcu-
late the similarity between scoring matrix and network behavior data. According to the similarity, cooperative filtering was used as the
core to detect recommended user data content in social networks. Secondly, Top-N method was used to generate user neighborhood set.
Finally, the social network user behavior data content cycle recommendation was realized. The experimental results show that the pro-
posed algorithm has high accuracy of similarity calculation. The accuracy of recommended results of network user behavior data cycle
can be as high as 97.2% , and the recall rate of recommended results is high and the time consuming is low, which improves the quali-
ty of personalized service of social networks.

[ Key words] collaborative filtering; social networks; user behavior; semblance; data recommendation
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Fig.2 Recommendation algorithm of social network user

behavior data cycle under collaborative filtering

PR B, DL AR Ay S 56 D0 3 8540 , 328 47 4k 38 ) 4%
FH P AT R S A 2 e AT o

1€ MATLAB 355 N T8 04T, BT RGN
Windows 8, SCHr S4B 113 2 iR,

x2 HWEHFFEE

Table 2 Software and hardware environment configuration

M S
CPU Intel Core(TM)i54590@ 3. 30 GHz
AT 4.00 GB
PER S 64 i Windows8 %[l i
HERES Python
EIEEST8:S Eclipse4. 2
A JetBrains PyCharm Community Edition

2.1 WikIEER

PR LD R IUAS PP A bn A7 S 36 il i, B
fRanr

(L) ARMUBE TSR 3 o ARDLEE T3 25 R A o
B R TR RACR HAT E 2R, DU T35 v
B R N HE AR BAEAS SC A B A 2

(2) T 7,

Z=l;2(v—v') (11)
D) e n AEESRISS - BT 2300 B i s o
R EISEBRAT 55 0" R B BENAT 4

(3) HIEHK Lo
2. Lala) UB(a)]

X‘a(a)

L =

(12)

K(12)H: ala) RARFEWHIESN R T AT o H1H
i B(a) FoRH a TEHA 25 B e A B R X %
EEHHNE,

(4) ANEEAR RN A FERS . Bdafe e g
FEAEZE 5 52 B IR AP S A 52 0], A 52 96 7 2R — B4l
TR Z B IE 25 T SEAT HEFERE BT, B0 IF AR 3¢
ke
2.2 LBERS5HH
2.2.1 AE A E

SRBGUE b 3R AR SRR M RS B R X —
W, W HEFE L S B A R v R AR AL B X —FE
HEATAHT, 4 R R AR SO RSk [ 5 ] 38k 0 H 3
ARABLEE MR 2R 25 AN 3 TR o

FRYE I 3 73 M 25 5 vl S0, AR SOV RS E e
SCHRLS ] B ks, 7 85% FoAy 4 1A g
FERPE | Ak 52 0 48 FH P 47 A B a0 JR) 0 4 72 1 5
FREEE T Al X R R RGN AT TR IR b A G
FBORALL B M SE AR BT T3 ik, e 6 T MERE AR
U114 2 IR AH DG 28 ORI B BE T T 380 1, AR B T 55y
25 SRR RS ST R 2R i T SCk O ik

100

80 - = B =
60

4ot

dinll

200 400 600 800 1000
P BidE /104

[Jpemisisns [ Ascsms

A BEHER /%

3 ARBLEE TS RS,
Fig. 3 Test results of similarity calculation accuracy
2.2.2 HHEAI
LT b RS PRI IR , A AR SO s 5 SOk
[5-7 SR R BEHEA TS 1L, 45 2R N6 3 i o
M3 H R R AR SO I AR I T P A7
R3 HEEBEMHEER

Table 3 Comparison results of recommended accuracy
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