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Fig. 1  Composition diagram of experiment platform
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Robotic Grabbing System Based on Improved FREAK Algorithm

DANG Hong-she, WU Chen-gang, SUN Jun-long

(School of Electrical and Information Engineering, Shaanxi University of Science and Technology, Xi'an 710021, China)

[ Abstract] In order to solve the problem of recognition and localization of planar workpieces with complex texture
by industrial robots, machine vision technology was combined with industrial robots. An improved FREAK algo-
rithm was used to quickly identify the target workpiece. And according to the shape of the workpiece and the ho-
mography matrix, the centroid coordinates and rotation angle of the workpiece were calculated. Then obtained the
three-dimensional position information of the grasping point of the robot with the binocular vision system, and the
SCARA robot was guided to grasp the target workpiece. The experimental results show that in complex industrial
environment, the robot grasping system can accurately identify the target workpiece, has good robustness, and also
meets the real-time requirements of industrial production.
FREAK algorithm workpiece identification

[ Key words] machine vision grab system



